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Preface 

This book is written for executives, owners, directors, and 

consultants who want to understand artificial intelligence 

without turning themselves into machine-learning engineers. 

The question is not how to build an AI model. The question is 

how AI can help leaders frame problems, compare perspectives, 

synthesize evidence, test assumptions, and make better 

decisions. 

AI for Executive Decision-Making treats AI as a decision-

support capability, not as a replacement for leadership. AI can 

accelerate analysis, widen the range of questions, summarize 

complex documents, compare scenarios, and reveal blind spots. 

But it can also create false confidence, hallucinated evidence, 

biased framing, privacy risks, and shallow recommendations 

when used without discipline. 

The central argument is simple: AI adoption does not 

automatically improve executive judgment. Many organizations 

now use AI, but fewer have redesigned decision routines, 

evidence standards, governance, and accountability. The 

executive challenge is therefore not only tool adoption. It is 

decision architecture. 

The journal literature used in this book supports a practical 

view of AI. Studies on AI business models, business 

intelligence, predictive decision-making, explainable AI, AI 

trust, organizational AI readiness, AI governance, ethics, and 

generative AI are used as a foundation. The book remains non-

technical because the intended reader is a decision maker, not a 

data scientist. 
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There is also a consulting purpose behind this book. A modern 

consulting office must understand AI, but it must not become 

hypnotized by tools. Clients need advisors who can use AI to 

improve thinking, evidence handling, and diagnostic clarity 

while still exercising judgment. In many cases, the most valuable 

output is still a case-specific advisory document: a structured 

report or executive decision brief that frames the decision, 

synthesizes evidence, clarifies risks, and recommends a 

defensible path. 

Dr. Dwi Suryanto, MBA 
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Key Terms for AI-Supported Executive 

Decisions 

Artificial intelligence: A broad family of technologies that 

perform tasks associated with human cognition, such as 

language processing, pattern recognition, prediction, reasoning 

support, and classification. 

Generative AI: AI systems that generate text, images, code, 

summaries, tables, plans, or other content based on prompts 

and training patterns. 

Executive decision support: The use of tools, evidence, 

frameworks, and structured reasoning to help leaders make 

better decisions without removing human accountability. 

Problem framing: The act of defining the real decision 

question before analyzing solutions. Poor framing can make 

even strong analysis useless. 

Multi-perspective analysis: Reviewing a decision from several 

viewpoints, such as customer, finance, operations, risk, people, 

technology, competitor, and regulator perspectives. 

Evidence synthesis: Combining information from multiple 

sources into a clear decision narrative, including what is known, 

what is uncertain, and what assumptions matter. 

Prompt: The instruction or question given to an AI tool. In 

executive use, prompts should define role, context, evidence, 

task, output format, assumptions, and limits. 

Hallucination: An AI-generated statement that sounds 

plausible but is inaccurate, unsupported, fabricated, or 

misleading. 
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Explainable AI: AI or AI-supported analysis that provides 

enough reasoning, evidence, or traceability for users to 

understand why a recommendation or output was produced. 

AI governance: The policies, roles, controls, and review 

practices that guide responsible AI use inside an organization. 

Human-in-the-loop: A decision design in which humans 

review, challenge, approve, or reject AI-supported outputs. 

Decision memo: A concise written document that states the 

problem, options, evidence, risks, assumptions, and 

recommended decision. 

Case-specific advisory document: A professional report, 

executive decision brief, or board-ready memo that uses 

structured analysis, evidence synthesis, and executive 

interpretation to support a client decision. 
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Current Reality 2026 

AI adoption has moved from curiosity to executive agenda. 

McKinsey's 2025 global AI survey reports that 88 percent of 

organizations use AI in at least one business function, up from 

78 percent the prior year, and that 71 percent regularly use 

generative AI. Yet McKinsey also notes that only a small group 

of AI high performers, about 6 percent of respondents, report 

significant value and EBIT impact from AI use. 

IBM's Global AI Adoption Index reported that 42 percent of 

enterprise-scale organizations had actively deployed AI, with 

another 40 percent exploring or experimenting. The same IBM 

research pointed to barriers such as skills, data complexity, and 

ethical concerns. This reinforces a core message of this book: 

adoption is not the same as decision quality. 

Stanford's AI Index continues to show rapid AI progress and 

expanding business, policy, and governance relevance. The 

practical implication for executives is that AI is no longer a side 

topic for IT. It is now connected to strategy, risk, productivity, 

talent, compliance, and competitive speed. 

Deloitte's State of AI in the Enterprise research shows that 

organizations are moving toward broader AI deployment, but 

the value question remains central. Leaders increasingly need to 

decide not only where AI can be used, but where it should be 

trusted, constrained, reviewed, or refused. 

For executives, the main risk is not being "behind the times." 

The deeper risk is using AI shallowly: asking vague questions, 

accepting fluent answers, ignoring evidence quality, and failing 

to connect AI outputs to real business decisions. This book is 

designed to help leaders use AI with discipline. 
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The Executive AI Decision Gap 

The most important AI problem in executive work is not lack 

of access. Most leaders can now access generative AI tools, 

dashboards, copilots, predictive models, and automated 

summaries. The harder problem is the executive AI decision 

gap: the distance between using AI and making better decisions 

because of AI. 

The gap appears in several ways. Teams use AI to summarize 

documents, but they do not change the decision question. 

Managers generate strategy options, but they do not test 

assumptions. Executives ask for recommendations, but they do 

not verify evidence. Departments build pilots, but they do not 

redesign workflows. Boards hear that AI is being adopted, but 

they do not see clearer accountability, better risk review, or 

stronger capital allocation. 

This gap explains why AI adoption statistics can sound 

impressive while value capture remains uneven. Adoption 

measures whether tools are used. Decision quality asks whether 

leaders are framing the right problems, looking at enough 

perspectives, synthesizing evidence responsibly, and making 

choices that can be defended. 

There are four symptoms of the decision gap. The first is vague 

prompting: leaders ask broad questions and receive broad 

answers. The second is unverified synthesis: AI outputs are 

accepted without source discipline. The third is automation 

bias: teams trust outputs because they come from a system. The 

fourth is workflow isolation: AI is used as a side tool rather 

than embedded into the decision process. 
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The decision gap is not solved by buying a larger platform. It is 

solved by designing executive routines around AI. A useful 

routine clarifies the decision, defines evidence requirements, 

invites multiple perspectives, tests assumptions, compares 

options, reviews risks, documents the recommendation, and 

learns after the decision. 

This is where advisory work becomes valuable. A client may not 

need a technical AI project first. It may need an executive 

decision review: what decisions matter most, where evidence is 

weak, where AI can support thinking, where governance is 

required, and what kind of decision document leadership can 

trust. 
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The AI Executive Decision Stack 

The AI Executive Decision Stack is the main framework of this 

book. It describes how AI should support executive judgment 

from problem framing to post-decision learning. 

Layer 1: Decision Question 

Every AI-supported decision begins with a precise question. 

"How should we grow?" is too broad. "Should we enter the 

premium B2B segment in the next two quarters, given our 

current sales capacity and margin target?" is decision-ready. 

Layer 2: Evidence Intake 

AI should be given the right material: data, interview notes, 

customer feedback, financial assumptions, operational 

constraints, market observations, policies, and prior decisions. 

Without evidence intake, AI produces generic advice. 

Layer 3: Perspective Expansion 

AI helps widen the room. It can analyze from finance, 

customer, operations, risk, people, technology, ethics, 

governance, competitor, and board perspectives. The point is 

not to create noise, but to prevent narrow thinking. 

Layer 4: Assumption Testing 

Every recommendation rests on assumptions. AI should help 

identify which assumptions matter most and which ones are 

weak. High-impact, low-confidence assumptions deserve testing 

before major commitment. 

Layer 5: Scenario and Option Design 
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AI can help build conservative, balanced, and aggressive 

options, then test them under different scenarios. This helps 

executives avoid yes-or-no thinking and see trade-offs clearly. 

Layer 6: Governance and Risk Review 

AI-supported decisions must be reviewed for privacy, 

confidentiality, explainability, bias, legal exposure, model 

limitation, vendor dependency, and reputational risk. 

Governance is not bureaucracy. It is part of decision quality. 

Layer 7: Executive Decision Memo 

The output should be a clear document: decision question, 

context, evidence, options, risks, assumptions, 

recommendation, and monitoring indicators. Raw AI output is 

not enough for major decisions. 

Layer 8: Post-Decision Learning 

After the decision, leaders should review what happened. 

Which assumptions were wrong? Which evidence mattered? 

Did AI help or distort the process? This learning turns AI use 

into organizational capability. 

The stack is intentionally non-technical. It does not require 

executives to understand model architecture. It requires them to 

understand decision architecture. That is where AI can become 

genuinely useful. 
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AI Decision Support Toolkit 

This toolkit gives executives a practical way to use AI for 

decision support without treating the tool as the decision 

maker. 

1. Define the Decision 

Begin by stating the decision in one sentence. For example: 

Should we enter Segment A in the next six months? Should we 

increase price by 8 percent? Should we implement a CRM 

system now or wait? AI performs better when the decision is 

specific. It performs worse when the prompt asks for a generic 

strategy. 

2. Separate Problem, Symptom, and Option 

Ask AI to distinguish the symptom, possible root problems, 

decision options, and evidence gaps. Many executive teams 

jump to options too early. AI can help slow the jump by asking 

what problem is actually being solved. 

3. Ask for Multiple Perspectives 

Request analysis from finance, customer, operations, people, 

risk, technology, competitor, and governance perspectives. Do 

not ask AI for one answer too quickly. Ask it to widen the 

room before narrowing the decision. 

4. Provide Evidence, Then Demand Traceability 

AI should not invent evidence. Provide data, excerpts, meeting 

notes, customer feedback, reports, or assumptions. Then ask 

the AI to separate evidence-based claims from assumptions and 

questions requiring verification. 

5. Generate Options and Trade-Offs 
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Ask AI to compare options by expected benefit, cost, risk, 

reversibility, speed, capability requirement, and evidence 

strength. A good AI-supported decision is not only a 

recommendation. It is a visible trade-off. 

6. Create a Decision Memo 

Use AI to draft a structured memo, but require human review. 

The memo should include decision question, context, options, 

evidence, risks, assumptions, recommended path, and 

monitoring indicators. 

7. Verify Before Acting 

Before making a decision, check sources, numbers, legal or 

regulatory issues, privacy concerns, and business feasibility. AI 

can accelerate thinking, but executives remain accountable for 

the decision. 

When the decision is expensive, disputed, high-risk, or 

evidence-poor, the next step may be an independent advisory 

review. The report can combine AI-assisted synthesis with 

professional judgment, client-specific context, and documented 

reasoning. 
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Executive Decision Patterns 

Executives can use AI in many ways, but the most practical 

patterns are repeatable. These patterns help leaders see where 

AI belongs in decision work without turning the book into a 

technical manual. 

1. The Problem-Framing Pattern 

Use this when the team is not aligned on the real issue. Provide 

AI with the context and ask it to separate symptoms, possible 

root causes, decision questions, stakeholders, and evidence 

gaps. The output should not be treated as final truth. It should 

become the first draft of a better leadership conversation. 

Example prompt: "We are facing declining repeat orders despite 

stable lead volume. Frame the possible problems from 

customer, sales, operations, pricing, and service perspectives. 

Separate evidence we have from evidence we still need." 

2. The Perspective-Mapping Pattern 

Use this when a decision affects many functions. Ask AI to 

analyze the decision from finance, customer, operations, people, 

technology, risk, legal, ethics, and implementation perspectives. 

Then ask the management team to correct the map. 

Example prompt: "Assess the decision to implement AI-based 

demand forecasting from eight perspectives. Identify expected 

benefit, concern, evidence needed, and stakeholder affected for 

each perspective." 

3. The Evidence-Synthesis Pattern 

Use this when the organization has many documents, notes, 

interviews, reports, or customer comments. Ask AI to 
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synthesize themes, contradictions, evidence strength, and 

missing information. Require the output to label unsupported 

claims. 

Example prompt: "Using only the documents provided, 

summarize the strongest findings, contradictions, assumptions, 

and evidence gaps. Do not add outside facts." 

4. The Option-Design Pattern 

Use this when the team is trapped in a yes-or-no debate. Ask AI 

to create conservative, balanced, and aggressive options. Then 

compare them by cost, risk, speed, capability, reversibility, and 

evidence strength. 

Example prompt: "Create three options for AI adoption in 

customer service: conservative, balanced, and aggressive. 

Compare trade-offs and define the condition under which each 

option is appropriate." 

5. The Red-Team Pattern 

Use this before approving an important decision. Ask AI to 

challenge the preferred option. What could fail? What 

assumption is weak? What stakeholder may resist? What ethical 

or regulatory issue may appear? What would a skeptical board 

member ask? 

Example prompt: "Red-team this recommendation. Identify the 

strongest objections, hidden risks, missing evidence, and 

conditions that would make the recommendation wrong." 

6. The Decision-Memo Pattern 

Use this when leaders need a concise document. Ask AI to draft 

a memo with decision question, context, options, evidence, 
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risks, assumptions, recommendation, and monitoring indicators. 

The memo must be reviewed by humans before use. 

Example prompt: "Draft a one-page executive decision memo. 

Use the evidence provided. Include decision question, options, 

trade-offs, recommendation, risks, assumptions, and next 

review date." 

7. The Consulting-Report Pattern 

Use this when the decision is important enough to need a 

defensible written report. AI can assist with synthesis, structure, 

alternative perspectives, and draft language. The consultant 

remains responsible for diagnosis, verification, interpretation, 

and recommendation. 

Example prompt: "Prepare a consulting-report outline for this 

decision. Include problem framing, evidence base, analysis 

sections, option comparison, risk review, recommendation, and 

appendix items needed." 

The patterns above show why AI is not simply a productivity 

toy. Used well, it becomes a management discipline. Used 

poorly, it becomes fast generic advice. The difference is not the 

tool alone. The difference is the executive workflow around the 

tool. 
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Boardroom Cases 

Case 1: AI for Market Entry Decision 

A mid-market services company is considering entry into a new 

industry vertical. The sales director sees growth potential. 

Finance worries about long payback. Operations worries that 

the service model will require customization. The CEO wants a 

decision within one month. 

The executive team uses AI in four steps. First, AI helps 

reframe the question from "Should we enter the vertical?" to 

"Under what conditions should we test entry into this vertical 

without overcommitting capacity?" Second, AI synthesizes 

customer interview notes, sales history, competitor 

observations, and margin assumptions. Third, AI creates three 

options: no entry, limited pilot with three anchor accounts, or 

full segment launch. Fourth, AI drafts a decision memo. 

The human review changes the recommendation. The AI 

initially favors the balanced pilot. The leadership team agrees, 

but adds two safeguards: no custom delivery outside a defined 

service menu, and a review after 90 days based on qualified 

pipeline, gross margin, and delivery strain. The final output is 

not an AI answer. It is a board-ready advisory memo with 

evidence, assumptions, risk controls, and review criteria. 

Case 2: AI for Pricing Decision 

A product company is considering an 8 percent price increase. 

Sales fears customer loss. Finance argues margin pressure is 

severe. Operations says input costs are rising. Customer service 

reports that customers complain more about delivery reliability 

than price. 
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AI is used to structure the decision. It synthesizes complaint 

themes, compares customer segments, drafts a scenario table, 

and identifies assumptions: price sensitivity by segment, 

competitor response, customer communication quality, and 

service reliability. The analysis shows that a universal price 

increase is risky. A segmented approach is better: protect 

strategic accounts with value communication, increase price on 

low-complexity products, and delay increases on segments 

where service issues are unresolved. 

The decision memo includes a red-team section: what could go 

wrong, which customers may churn, what evidence should be 

monitored, and when to reverse or adjust. AI accelerates the 

comparison, but human leaders decide how much customer 

trust risk they are willing to accept. 

Case 3: AI for Customer Churn and Retention 

A subscription-based B2B company sees rising churn. The first 

internal interpretation is price pressure. AI-assisted evidence 

synthesis reviews cancellation notes, support tickets, usage data, 

sales notes, and customer success summaries. The emerging 

pattern is different: customers churn when onboarding is weak 

and usage does not reach a threshold within the first 45 days. 

The executive decision changes. Instead of cutting price, the 

company redesigns onboarding, creates AI-assisted account 

summaries, and triggers human intervention when usage falls 

below threshold. The AI-supported decision memo defines 

leading indicators: first-login time, feature adoption, unresolved 

tickets, executive sponsor engagement, and renewal risk score. 

The case demonstrates a core principle: AI is most useful when 

it helps leaders move from opinion to evidence. The 
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consultant's value is not only using AI. The value is turning 

scattered evidence into a decision that management can act on. 
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AI Decision Risk Register 

Executives do not need to fear AI, but they must know where 

AI can distort judgment. A simple risk register helps leadership 

use AI responsibly. 

1. Hallucination Risk 

AI may create plausible but false statements, fabricated 

references, or unsupported claims. The control is source 

verification. Major decisions should never rely on unverified AI 

assertions. 

2. False Precision 

AI can present estimates, scores, and forecasts with a level of 

precision that the evidence does not deserve. The control is 

confidence labeling: high, medium, low, or unknown. 

3. Automation Bias 

People may trust AI outputs because they appear objective. The 

control is human challenge: ask what would make the 

recommendation wrong. 

4. Data Leakage 

Employees may paste confidential, customer, financial, legal, or 

personal data into tools without authorization. The control is 

data-use policy and approved environments. 

5. Poor Problem Framing 

AI may answer the question asked, even if the question is 

wrong. The control is a framing step before analysis. 

6. Hidden Bias 
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AI-supported decisions can reflect biased data, incomplete 

perspectives, or unfair criteria. The control is impact review, 

especially for decisions affecting people, customers, credit, 

pricing, access, or service. 

7. Vendor Dependency 

Organizations may become dependent on a vendor's model, 

platform, pricing, or data architecture. The control is vendor 

due diligence, exit planning, and internal capability 

development. 

8. Governance Drift 

AI use may expand informally across departments without 

policy, audit trail, or accountability. The control is a lightweight 

governance model with use-case classification. 

9. Decision Diffusion 

Teams may become unclear about who owns the decision when 

AI is involved. The control is decision rights: AI supports, 

humans decide, and named executives remain accountable. 

10. ROI Ambiguity 

AI pilots may produce excitement without measurable business 

value. The control is a value case: what decision improves, what 

metric changes, what cost is reduced, what risk is lowered, or 

what capability is built. 

The risk register should not stop AI adoption. It should make 

adoption more credible. A company that can name and manage 

AI risks is more mature than a company that only celebrates AI 

use. 
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CHAPTER 1 

AI Is a Thinking Partner, Not an Executive 

AI is changing executive work, but not in the simplistic way 

often imagined. The most useful AI for leaders is not a machine 

that replaces the CEO. It is a thinking partner that helps leaders 

ask better questions, organize evidence, compare options, and 

see blind spots before committing resources. 

Executives make decisions under pressure. They face 

incomplete information, conflicting stakeholder views, time 

constraints, political dynamics, and uncertainty. Traditional 

dashboards show what has happened. Consultants and analysts 

interpret what may matter. AI can add a new layer: rapid 

exploration of possible explanations, structured comparison of 

alternatives, synthesis of documents, and preparation of 

decision memos. 

The danger is that AI sounds confident even when it is wrong. 

Fluent language can create the illusion of judgment. A model 

may summarize a report accurately in one paragraph and invent 

a citation in the next. It may produce a balanced list of options 

but miss a business constraint. It may recommend an action 

without understanding organizational politics, customer trust, 

cash flow, or regulatory exposure. 

Mini Example 

A CEO asks an AI tool, "Should we expand to a new city?" The 

AI gives a confident market-entry plan. A better executive 

prompt would be: "Frame the decision of whether we should 

enter City B within six months. Separate market attractiveness, 

operational readiness, capital requirement, customer access, 
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competitor pressure, evidence gaps, and possible no-go 

conditions." The second prompt uses AI to support judgment 

rather than outsource it. 

The journal literature on AI business models and AI-based 

decision systems supports this practical view. AI can help 

business model innovation, data analysis, business intelligence, 

and predictive decision-making. But studies on AI trust, 

explainable AI, governance, and ethics remind us that the value 

of AI depends on context, interpretation, transparency, and 

human oversight. 

Executives should think of AI as a cognitive amplifier. It can 

make weak thinking faster, or it can make disciplined thinking 

more powerful. If the leader asks vague questions, AI may 

produce generic answers. If the leader provides evidence, 

context, constraints, decision criteria, and desired output, AI 

can help produce more useful analysis. 

Numerical Illustration 

Suppose an executive team must evaluate three strategic 

options. Without AI support, the team spends four hours 

collecting opinions and produces a narrative summary. With 

disciplined AI support, the team can prepare a comparison 

matrix across eight criteria: revenue potential, margin, cash 

requirement, operational load, risk, reversibility, evidence 

strength, and time-to-impact. If each option is scored from 1 to 

5, the discussion becomes more concrete. AI does not decide 

the score, but it helps structure the scoring. 

Current Reality 2026 

AI adoption is widespread, but value capture remains uneven. 

This means executives should not ask, "Are we using AI?" The 
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better question is, "Are we using AI to improve the quality, 

speed, and evidence discipline of decisions?" 

Field Notes for Leaders 

The first executive AI habit is to ask AI to improve the 

question before answering it. A poor decision question 

produces poor analysis. A well-framed question creates better 

evidence search, better options, and better recommendations. 

When Advisory Support Helps 

An independent decision brief is useful when the decision is 

important enough that AI-generated analysis should be 

reviewed, challenged, contextualized, and translated into a 

defensible executive recommendation. 

Research Base Used 

This chapter draws on AI business model research, AI 

implementation in big data, generative AI for business decision-

making, AI trust in business processes, and organizational AI 

readiness literature. 

Second Mini Case 

A board asks management to "do something with AI" after 

hearing competitors are using generative AI. The first internal 

proposal is a list of tools. A more mature approach begins with 

decisions: which executive decisions are slow, repetitive, 

evidence-heavy, or vulnerable to bias? The company identifies 

three candidates: monthly demand review, customer complaint 

synthesis, and competitor monitoring. AI is then positioned as 

decision support, not as a status symbol. 

Executive Pitfall 
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The most common mistake is confusing AI fluency with 

executive quality. A polished AI output may still be generic, 

unsupported, or misaligned with the business model. Leaders 

should ask what context the AI did not know, what evidence it 

did not verify, and what stakeholder consequences it did not 

understand. 

Consulting Lens 

An advisory office that understands AI should not impress 

clients by showing many tools. It should impress clients by 

showing judgment: which decision AI can support, which 

evidence must be verified, which risks need governance, and 

where human accountability remains essential. 

  



Dr. Dwi Suryanto, MBA | 25 

CHAPTER 2 

Problem Framing Before AI Analysis 

AI is most valuable after the problem is framed. If the problem 

is framed poorly, AI can produce impressive but irrelevant 

analysis. Executives often ask solution-shaped questions: Which 

software should we buy? How do we reduce costs? What 

marketing campaign should we run? These questions may be 

legitimate, but they assume the problem too early. 

Problem framing asks what decision is really being made. Is the 

company trying to grow revenue, protect margin, reduce risk, 

improve speed, increase retention, build capability, or restore 

trust? Is the issue a market problem, operating problem, data 

problem, people problem, governance problem, or strategic-

positioning problem? AI can help generate alternatives, but 

leadership must first define the decision boundary. 

Mini Example 

A company asks, "How can AI improve our customer service?" 

The first answer may be chatbots. But after framing, the real 

problem may be unresolved complaints, inconsistent policy 

interpretation, slow escalation, missing customer history, or 

unclear service standards. AI may still help, but the solution 

could be knowledge-base synthesis, agent assistance, complaint 

triage, or service recovery analysis rather than a chatbot. 

A good executive framing prompt includes context, decision, 

constraints, available evidence, stakeholders, and output. For 

example: "We are a mid-market distributor facing declining 

repeat orders. We have customer complaint logs, sales data, and 

interviews. Help us frame possible root problems before 
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recommending solutions. Separate symptoms, hypotheses, 

evidence needed, and risks of acting too early." 

AI can also help with reframing. It can be asked to generate 

alternative definitions of the problem from customer, finance, 

operations, competitor, and risk perspectives. This matters 

because executives often inherit the problem definition from 

the loudest function. Sales may define the issue as weak leads. 

Operations may define it as capacity. Finance may define it as 

margin. Customers may define it as reliability. 

Numerical Illustration 

A leadership team believes the problem is "sales decline." AI-

assisted framing can break the decline into components: market 

inquiries down 10 percent, conversion down 18 percent, 

average order value stable, repeat purchase down 25 percent, 

and complaint frequency up 30 percent. The decision question 

changes from "How do we increase sales?" to "Should we 

prioritize retention recovery over new acquisition?" 

Diagnostic Deepening 

Problem framing should identify what would change the 

decision. If no evidence can change the decision, the analysis is 

ceremonial. For each strategic question, executives should ask: 

what evidence would make us stop, proceed, delay, narrow, or 

redesign the initiative? AI can help build this evidence map. 

Current Reality 2026 

Generative AI makes analysis easy to produce. That increases 

the danger of premature analysis. The executive advantage shifts 

to leaders who can ask sharper questions, define evidence 

requirements, and reject attractive but poorly framed answers. 
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Field Notes for Leaders 

Before using AI, write the problem in three versions: the 

apparent problem, the suspected root problem, and the decision 

to be made. Then ask AI to critique the framing. This simple 

habit can prevent many wasted analyses. 

When Advisory Support Helps 

A case-specific diagnostic review is valuable when the client 

describes a solution request, but the underlying decision 

problem remains unclear. The report can frame the real 

question before recommendations are made. 

Research Base Used 

This chapter draws on methods for identifying business goals 

and AI tasks, enterprise AI canvas research, AI implementation 

literature, and business intelligence decision-support studies. 

Second Mini Case 

A retailer asks AI for a loyalty program. The AI suggests points, 

tiers, personalized offers, and email campaigns. A consultant 

reframes the problem: repeat purchase is down because 

stockouts increased and store staff cannot explain substitutions. 

The loyalty program would not solve the root issue. AI 

becomes more useful after the problem is reframed as 

operational reliability and customer trust. 

Executive Pitfall 

AI can accelerate premature solutioning. If a leader asks for a 

solution before naming the real decision, the output may 

reinforce the wrong path. This is why the first AI task should 

often be critique, not recommendation. 

Consulting Lens 



Dr. Dwi Suryanto, MBA | 28 

In case-specific advisory work, problem framing is a major 

value. Clients often ask for a tool, campaign, dashboard, or AI 

solution. The consultant's role is to decide whether the request 

is the real problem or a symptom of something deeper. 
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CHAPTER 3 

Multi-Perspective Analysis with AI 

Executive decisions fail when they are viewed from only one 

perspective. A growth decision may look attractive from sales 

and dangerous from operations. A cost-cutting decision may 

look efficient from finance and damaging from customer 

experience. A technology decision may look modern from IT 

and risky from governance. AI can help leaders widen the 

analysis before narrowing the recommendation. 

Multi-perspective analysis asks AI to examine the decision 

through several lenses. The common lenses are customer, 

finance, operations, people, technology, risk, legal, ethics, 

competitor, brand, and implementation capacity. The purpose is 

not to create a long list of concerns. The purpose is to avoid 

strategic blindness. 

Mini Example 

A CEO considers using AI to screen job candidates. From an 

efficiency perspective, the idea looks attractive. From a people 

perspective, it may affect candidate trust. From a legal 

perspective, it may create discrimination risk. From an ethics 

perspective, transparency matters. From an operational 

perspective, HR must understand how the tool works. AI can 

help map these perspectives before the company adopts the 

system. 

AI can act as a structured challenger. Executives can ask: 

"Argue against this decision from the perspective of operations, 

compliance, customers, and employee trust." They can also ask: 

"What would a competitor notice? What would a skeptical CFO 
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challenge? What could go wrong in implementation?" This 

creates a safer way to surface objections before real money is 

committed. 

Multi-perspective analysis is especially useful when internal 

politics narrow the discussion. A dominant leader may push one 

view. A department may defend its own metrics. A consultant 

may be asked to validate a preferred option. AI, used properly, 

can help generate counterarguments and alternative 

interpretations. Human judgment must still decide which 

objections are material. 

Numerical Illustration 

A firm evaluates AI-based demand forecasting. Finance scores 

expected inventory reduction as 5 out of 5. Operations scores 

data readiness as 2. Sales scores customer responsiveness as 4. 

IT scores integration difficulty as 2. Risk scores model 

explainability as 3. The average score is not the answer. The low 

data-readiness and integration scores reveal implementation 

bottlenecks. 

Diagnostic Deepening 

Multi-perspective analysis should include time horizon. A 

decision can look good in 30 days and weak in 12 months. AI 

can compare short-term benefit, medium-term capability, and 

long-term risk. For example, automating customer responses 

may reduce cost quickly, but if it weakens trust or hides service 

failures, long-term retention may suffer. 

Current Reality 2026 

AI use is expanding across business functions, but many firms 

still struggle to scale value. Multi-perspective analysis helps 
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leaders avoid pilot enthusiasm by asking whether the decision 

fits workflow, data, people, risk, and customer reality. 

Field Notes for Leaders 

Use AI to create the first version of a perspective matrix. Then 

ask each function to review and correct it. The best output is 

not the AI's first answer, but the improved executive 

conversation that follows. 

When Advisory Support Helps 

An executive advisory memo is useful when leadership 

disagreement comes from different perspectives that have never 

been made explicit. The memo can show where views align, 

where they conflict, and what evidence is needed. 

Research Base Used 

This chapter draws on AI in HRM, AI ethics in business, 

explainable AI, AI governance, AI business services, and 

organizational readiness studies. 

Second Mini Case 

A manufacturer wants AI-based predictive maintenance. 

Operations sees reduced downtime. Finance sees capital cost. 

Technicians worry about being blamed by the system. IT 

worries about sensor integration. Customers care about delivery 

reliability. A multi-perspective AI-assisted analysis reveals that 

the project should start with one production line and a clear 

maintenance-response protocol, not enterprise-wide rollout. 

Executive Pitfall 

Multi-perspective analysis can become a long list that paralyzes 

decision-making. The executive task is to separate material 
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perspectives from minor concerns. AI can generate possible 

angles, but leaders must decide which ones change the decision. 

Consulting Lens 

A consultant can use AI to prepare the first perspective map, 

then validate it through interviews. The written report becomes 

stronger because it shows not only the recommendation, but 

the competing perspectives that were considered. 
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CHAPTER 4 

Evidence Synthesis and Assumption Testing 

AI is powerful at synthesizing information, but synthesis is not 

the same as truth. Executives often face too much information: 

reports, dashboards, emails, customer comments, regulations, 

meeting notes, market news, financial data, and consultant 

slides. AI can summarize, compare, classify, and extract themes 

from this material. The challenge is to preserve evidence quality. 

Evidence synthesis should separate what is known, what is 

likely, what is assumed, what is disputed, and what is missing. 

AI can help produce this structure if asked directly. Without 

that instruction, it may blend facts and assumptions into a 

smooth narrative that sounds more certain than it should. 

Mini Example 

A company wants to understand why a product launch 

underperformed. The team has sales numbers, distributor 

feedback, customer reviews, competitor pricing, and internal 

meeting notes. AI can synthesize themes: price resistance, 

unclear positioning, delayed distribution, weak product 

education, and competitor promotion. But the executive team 

must verify which themes are supported by evidence and which 

are hypotheses. 

A useful synthesis prompt is: "Using only the evidence 

provided, identify the main findings, supporting evidence, 

contradictions, assumptions, and evidence gaps. Do not 

introduce external facts unless clearly labeled." This prompt 

protects the decision from AI invention. 
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Assumption testing is the next step. Every decision rests on 

assumptions: customers will pay, staff can adopt, data is reliable, 

regulation will allow, competitors will react slowly, cash flow 

can absorb delay, suppliers can deliver, and technology will 

integrate. AI can list assumptions, rank them by risk, and 

propose ways to test them quickly. 

Numerical Illustration 

A decision to launch an AI dashboard may depend on five 

assumptions: data accuracy above 90 percent, weekly executive 

usage, integration within 60 days, forecast error reduction of 15 

percent, and manager trust in model explanations. Each 

assumption can be scored by importance and confidence. A 

high-importance, low-confidence assumption becomes the first 

test. 

Diagnostic Deepening 

Evidence synthesis should always include contradiction. If all 

evidence appears to support one option, the analysis may be 

incomplete. Ask AI to find counterevidence, alternative 

explanations, and missing stakeholder voices. The goal is not to 

weaken the decision. The goal is to make the decision more 

defensible. 

Current Reality 2026 

AI makes document synthesis faster, but faster synthesis can 

create faster misunderstanding if sources are weak. Executives 

need source discipline: what was read, what was excluded, what 

was assumed, and what must be verified. 

Field Notes for Leaders 
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Do not ask AI, "What is the answer?" Ask, "What does the 

evidence support, what does it not support, and what 

assumptions determine the decision?" This changes AI from 

answer generator to evidence assistant. 

When Advisory Support Helps 

A structured evidence review is useful when the client has many 

documents and opinions but lacks an integrated evidence 

narrative. The report can synthesize evidence in a way that 

leadership can review and challenge. 

Research Base Used 

This chapter draws on AI implementation in big data, AI-driven 

business intelligence, predictive analytics, explainable AI, and 

ethical transparent decision-making literature. 

Second Mini Case 

A healthcare service provider wants to use AI to summarize 

patient feedback. The first synthesis identifies speed, empathy, 

billing clarity, and appointment access as themes. A deeper 

evidence review shows that billing complaints are emotionally 

intense but less frequent, while appointment access affects the 

largest number of customers. AI helps summarize, but 

management still needs judgment about frequency, severity, and 

strategic priority. 

Executive Pitfall 

Evidence synthesis may hide outliers. Sometimes one unusual 

case reveals a major risk. Executives should ask AI to report 

dominant patterns and notable exceptions. A good decision 

memo includes both. 

Consulting Lens 
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A serious advisory report should show the evidence chain. 

What documents were reviewed? Which claims are supported? 

Which are assumptions? Which claims require verification? This 

gives clients confidence that the consultant is using AI 

responsibly. 
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CHAPTER 5 

Scenarios, Options, and Trade-Offs 

Executives rarely decide between one good option and one bad 

option. They decide among imperfect options. AI can help 

develop scenarios, compare trade-offs, and make decision 

consequences visible. This is one of the highest-value executive 

uses of AI because it supports judgment without pretending 

uncertainty disappears. 

Scenario thinking asks what could happen under different 

conditions. What if demand grows slowly? What if a competitor 

cuts price? What if implementation takes twice as long? What if 

regulation changes? What if data quality is worse than expected? 

AI can help generate plausible scenarios and show how each 

option behaves under them. 

Mini Example 

A retailer considers AI-powered pricing. Scenario A assumes 

stable demand and clean data. Scenario B assumes competitor 

promotions. Scenario C assumes customer backlash to frequent 

price changes. Scenario D assumes data errors in inventory 

feeds. The decision is no longer simply "AI pricing is efficient." 

It becomes "Under which conditions is AI pricing safe, 

profitable, and trusted?" 

Options should also be structured. Instead of yes or no, 

executives can compare full launch, pilot, partnership, internal 

capability building, delay, manual improvement first, or no 

action. AI can help generate these options and define decision 

criteria. This prevents binary thinking. 
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Trade-offs should be made explicit. Speed may reduce accuracy. 

Automation may reduce cost but weaken empathy. Prediction 

may improve planning but create overreliance. Personalization 

may increase conversion but raise privacy concerns. A decision 

memo should show these trade-offs clearly. 

Numerical Illustration 

Suppose an executive team compares three AI decision-support 

options. Option A costs USD 100,000 and can be deployed in 

30 days but relies on weak data. Option B costs USD 60,000 

and requires 90 days of data cleanup. Option C costs USD 

20,000 and supports manual analysis with AI-assisted 

summaries. If risk is high and data quality is weak, Option C or 

B may be more responsible than the fastest option. 

Diagnostic Deepening 

AI can help generate decision trees, but leaders must define 

decision criteria. Criteria may include expected value, strategic 

fit, risk exposure, reversibility, implementation burden, 

stakeholder trust, regulatory exposure, and learning value. 

Without criteria, AI may optimize for generic efficiency. 

Current Reality 2026 

As AI agents and automated workflows become more common, 

executives must become better at scenario and trade-off 

thinking. More automation increases the cost of a poorly 

specified decision rule. 

Field Notes for Leaders 

Ask AI to produce at least three options: conservative, 

balanced, and aggressive. Then ask what evidence would justify 
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moving from conservative to balanced, or from balanced to 

aggressive. 

When Advisory Support Helps 

A board-ready decision document is useful when the decision 

has multiple plausible options and the leadership team needs a 

clear comparison of trade-offs, assumptions, and risk controls. 

Research Base Used 

This chapter draws on multi-objective decision-theoretic 

planning, AI-driven BI frameworks, predictive decision-making, 

AI-enhanced dashboards, and business risk management 

research. 

Second Mini Case 

A company considers using AI to automate quotation. The 

aggressive option automates all quotations. The balanced option 

automates standard quotations but escalates complex cases. The 

conservative option uses AI only to draft quotation summaries 

for sales review. Scenario analysis shows that full automation 

creates risk for customized enterprise clients. The balanced 

option becomes the recommended path. 

Executive Pitfall 

AI often produces a preferred option too early. Leaders should 

require AI to develop at least three options and explain the 

conditions under which each option would be best. This 

prevents a single-answer bias. 

Consulting Lens 

Clients value a report that makes trade-offs explicit. The 

consultant should not simply say "implement AI." The report 
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should say which option fits the client's data, risk tolerance, 

capability, and decision urgency. 
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CHAPTER 6 

Trust, Explainability, and Executive 

Accountability 

AI-supported decisions require trust, but trust must be earned. 

Executives should not trust AI because it is advanced. They 

should trust an AI-supported process when evidence is 

traceable, assumptions are visible, risks are reviewed, data 

quality is understood, and humans remain accountable. 

Explainability is central to executive use. A leader does not need 

to understand every technical detail of a model, but the leader 

must understand enough to ask: What evidence did the system 

use? What assumptions shaped the output? What data may be 

missing? What error would be costly? Who reviewed the result? 

What decision is being delegated, assisted, or automated? 

Mini Example 

A bank uses AI to flag loan applications for review. If managers 

cannot explain why certain applications are flagged, they may 

face trust, fairness, and regulatory concerns. A better executive 

process includes model explanation, exception review, audit 

trail, human oversight, and monitoring for bias or drift. 

AI governance is not only a compliance matter. It is a decision-

quality matter. Governance defines acceptable use, prohibited 

data, review roles, risk categories, escalation, documentation, 

and monitoring. Without governance, AI use becomes 

scattered: employees paste sensitive data into public tools, 

managers accept unsupported outputs, and departments build 

their own shadow AI workflows. 
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Responsible AI also includes humility. Some decisions should 

not be automated. Some data should not be used. Some 

recommendations require human empathy, legal review, or 

ethical consideration. AI can inform decisions about people, 

customers, credit, pricing, recruitment, and risk, but the human 

organization remains responsible for consequences. 

Numerical Illustration 

An executive AI governance checklist may score each use case 

across five dimensions: decision impact, data sensitivity, 

explainability need, human review requirement, and regulatory 

exposure. A low-impact internal summary tool may score 8 out 

of 25. A customer credit recommendation system may score 23. 

The second case needs stronger review, documentation, and 

controls. 

Diagnostic Deepening 

Trust also depends on process awareness. AI used in business 

processes should explain outputs in relation to the process, not 

only the model. For example, a sales forecast should show 

which pipeline stages, conversion rates, and assumptions 

shaped the prediction. Executives need explanation that fits the 

business workflow. 

Current Reality 2026 

As AI becomes more embedded in decision workflows, 

governance and explainability become competitive capabilities. 

Firms that can use AI responsibly will be more credible with 

customers, employees, partners, and regulators. 

Field Notes for Leaders 
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Create three AI use categories: allowed, allowed with review, 

and prohibited. This simple governance layer can prevent risky 

experimentation while still encouraging useful adoption. 

When Advisory Support Helps 

An AI governance and decision-support review is useful when a 

company wants to use AI but lacks governance, explainability 

standards, or a clear distinction between decision support and 

decision automation. 

Research Base Used 

This chapter draws on AI trust in business processes, 

explainable AI, responsible AI, AI ethics, organizational AI 

governance, and ethical transparent decision-making studies. 

Second Mini Case 

A company uses AI to prioritize customer accounts for 

retention calls. The model flags several low-revenue customers 

as high risk and misses two high-value accounts. A review 

shows that the model used recent engagement data but not 

contract renewal dates. Trust improves only after the team 

changes the input logic and creates human review for strategic 

accounts. 

Executive Pitfall 

Leaders may think governance slows innovation. In reality, light 

governance can accelerate responsible adoption because teams 

know what is allowed, what needs review, and what is 

prohibited. Unclear governance creates hesitation and hidden 

experimentation. 

Consulting Lens 
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A written report can define a practical governance layer: use-

case risk level, data sensitivity, human review, documentation, 

escalation, and review frequency. This is especially useful for 

clients that want AI but fear reputational or compliance 

mistakes. 
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CHAPTER 7 

The Executive AI Workflow: From Prompt to 

Decision Memo 

Executives do not need dozens of AI tricks. They need a 

repeatable workflow. A practical AI decision workflow begins 

with the decision question, moves to problem framing, gathers 

evidence, generates perspectives, tests assumptions, compares 

options, drafts a memo, and ends with human review. 

The first step is context. AI should know the business type, 

decision, constraints, available evidence, time horizon, and 

desired output. The second step is framing. Ask AI to identify 

symptoms, possible root causes, decision options, and evidence 

gaps. The third step is perspective. Ask for analysis from 

multiple functions and stakeholders. The fourth step is 

synthesis. Provide documents and ask AI to separate facts from 

assumptions. 

The fifth step is option generation. Ask for conservative, 

balanced, and aggressive options. The sixth step is trade-off 

analysis. Compare cost, benefit, risk, reversibility, timing, 

capacity, and evidence strength. The seventh step is memo 

drafting. Ask for a concise executive decision memo. The eighth 

step is review. Humans verify facts, challenge assumptions, and 

decide. 

Mini Example 

A leadership team must decide whether to launch an AI-based 

customer analytics project. The workflow produces a memo 

with the decision question, current problem, available data, 

customer value hypothesis, options, risks, governance issues, 
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implementation burden, and recommended pilot. The AI helps 

draft and structure, but the executive team owns the decision. 

A good executive prompt is not necessarily long, but it is 

structured. It says: "You are supporting an executive decision. 

Use the evidence below. Do not invent facts. Separate evidence 

from assumptions. Compare three options. Include risks, trade-

offs, and a recommendation. Format as a decision memo." This 

prompt turns AI into a disciplined assistant. 

Numerical Illustration 

A decision memo may include an option table with scores from 

1 to 5 across strategic fit, expected value, evidence strength, 

implementation burden, risk, reversibility, and governance 

concern. The score is not the decision. It is a conversation 

structure. The leadership team can adjust the scores and see 

why views differ. 

Diagnostic Deepening 

The workflow should preserve decision memory. Store the 

prompt, input evidence, AI output, human edits, final 

recommendation, decision taken, and review date. This allows 

the organization to learn whether decisions improved and 

which assumptions were wrong. 

Current Reality 2026 

AI tools are becoming easier to access, but executive advantage 

will come from workflow discipline. The firms that benefit 

most will be those that embed AI into decision routines rather 

than treating it as a novelty. 

Field Notes for Leaders 
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Standardize three templates: problem-framing prompt, 

evidence-synthesis prompt, and decision-memo prompt. This 

creates consistency across teams and makes AI use easier to 

govern. 

When Advisory Support Helps 

A polished executive decision brief is useful when executives 

need a reviewed, case-specific memo rather than a raw AI 

output. The consultant can combine AI-supported analysis with 

professional interpretation. 

Research Base Used 

This chapter draws on generative AI decision-making, business 

assistant services, AI-powered business services, enterprise AI 

canvas, AI maturity, and business intelligence dashboard 

studies. 

Second Mini Case 

A director uses AI to prepare a board memo on entering a new 

segment. The first draft is broad and generic. After adding 

internal sales data, customer interview notes, margin 

assumptions, competitor observations, and board concerns, the 

second draft becomes useful. The lesson is clear: AI quality 

depends on decision context and evidence quality. 

Executive Pitfall 

Prompt templates are helpful, but they can become mechanical. 

Leaders should not paste the same prompt into every decision. 

The prompt must be adapted to risk, evidence, audience, and 

decision stage. 

Consulting Lens 
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A consulting firm can create a repeatable AI-assisted decision 

workflow for clients: intake, evidence organization, AI-

supported analysis, consultant review, client challenge, final 

report, and review checkpoint. This shows that the consultant 

understands both AI and executive discipline. 
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CHAPTER 8 

When AI-Supported Decisions Need an Advisory 

Report 

Not every AI-supported decision needs a consultant. If the 

decision is small, reversible, low-risk, and supported by clear 

evidence, internal teams can use AI responsibly and act. But 

when the decision is expensive, disputed, strategic, sensitive, or 

evidence-poor, an independent advisory report becomes 

valuable. 

The report is not valuable because it mentions AI. It is valuable 

because it improves decision quality. A good AI-supported 

consulting report frames the problem, organizes evidence, 

compares perspectives, identifies assumptions, evaluates 

options, documents risks, and recommends a path. AI may 

accelerate the work, but the consultant's judgment shapes the 

final output. 

Mini Example 

A company wants to adopt AI for sales forecasting. Internal 

teams disagree. Sales wants speed. Finance wants accuracy. IT 

worries about integration. Management wants predictive 

dashboards. A case-specific advisory report can map the 

decision: data readiness, forecast purpose, user roles, 

governance, pilot design, cost, expected benefit, and no-go 

conditions. 

The report should also state what AI was used for. Was it used 

to summarize documents, generate perspective questions, 

compare options, draft a memo, or analyze structured data? 

Transparency builds trust. Clients do not need every technical 
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detail, but they deserve clarity about where human judgment 

entered the process. 

For a consulting office, this is where modern credibility appears. 

Clients should see that the consultant understands AI, but is not 

blindly selling AI. The consultant understands problem framing, 

evidence quality, governance, and executive decision realities. 

That is more valuable than simply saying "we use AI." 

Numerical Illustration 

A written report may compare three AI initiatives: executive 

dashboard, customer churn analysis, and internal knowledge 

assistant. Each is scored across value potential, data readiness, 

governance risk, implementation burden, and decision urgency. 

The recommendation may be to start with the knowledge 

assistant, prepare data for churn analysis, and delay the 

dashboard until KPI definitions are stable. 

Diagnostic Deepening 

A report should include "decision safeguards." These may 

include source verification, human review, privacy screening, 

model limitation statement, pilot boundaries, rollback 

conditions, and post-decision review. Safeguards convert AI 

enthusiasm into disciplined execution. 

Current Reality 2026 

Because AI adoption is now widespread, clients increasingly 

expect advisors to understand AI. But they also need advisors 

who can distinguish useful AI from fashionable noise. Written 

consulting can make that distinction visible. 

Field Notes for Leaders 
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Ask for a report when the decision requires explanation to 

owners, board members, lenders, partners, regulators, or senior 

managers. AI-generated notes are not enough when the 

decision must be defended. 

The quiet promise of AI-supported advisory work is better 

thinking at higher speed. The consultant can use AI to widen 

analysis, process evidence, and draft structure. But the value the 

client buys is not the tool. The value is a clearer problem, a 

stronger evidence base, a more balanced recommendation, and 

a decision document that leadership can trust. 

Research Base Used 

This chapter integrates the book's journal base: AI business 

models, AI-driven business intelligence, predictive analytics, 

explainable AI, responsible AI, AI governance, organizational 

readiness, and generative AI for business decision-making. 

Second Mini Case 

An owner asks whether AI can help reduce operating costs. A 

generic AI answer lists automation, chatbots, predictive 

analytics, and scheduling. A case-specific advisory review 

identifies the real decision: whether to automate back-office 

work before fixing process inconsistencies. The 

recommendation is to standardize workflow first, then use AI 

to assist document processing and exception detection. 

Executive Pitfall 

Some firms use AI adoption as a symbol of modernity. This can 

impress stakeholders briefly but fail operationally. The better 

signal of modernity is disciplined AI use: clear decision framing, 

evidence synthesis, risk controls, and measurable learning. 
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Consulting Lens 

The subtle message to the reader is this: if your decision is 

important enough to affect customers, employees, investment, 

governance, or strategic direction, raw AI output is not enough. 

A board-ready advisory document turns AI-assisted thinking 

into a defensible decision record. 
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